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Methods

Functional group cluster analysis
Up-regulated: N=70

Dataspace description Data pre-processing
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Table 1 Dataspace description of the experimental setup of studies included in in the analysis. .
Only human data was used from IgA nephropathy patients. Multi-omics platforms were used, 234 molecular entries (redundant) mCHEM  ®CS
such as: seven proteomics studies, three miRNAs studies and two metabolomic studies.
combine repeats within studies |pis - BN
W IGG I INH
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. ] Figure 1 Functionality tag clustering. CC: cell cycle (tumover, mitosis, meiosis); CHA: chaperone, chaperonin; MET:
L = B Lizlin e B Sl U A - molecules found more than once and B- metabolite; CS: cell shape (cytoskeleton, cell adhesion, morphology, cell junction, cellular structures, extracellular matrix); DIS: disease;

ENZ: enzyme, enzymatic properties; IGG: immunoglobulin; INH: inhibitor (protease, kinase, other enzymes, pathways), MHC: major
histocompatibility complex component/protein cluster (MHC, HLA); MIR: microRNA; MOD: modulator, regulator; RCP: receptor; RIB:
ribosome; TF: transcnption and translation, gene regulation; TM: transmembrane; TP: transport, storage, endocytosis, exocytosis,
vesicles; UK: unknown.

molecules found less than once across the datasets

Results: meta-analysis

Term Clustering: ClueGO

miRNA analysis: CluePedia Integrative analysis: metabolite and
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g : Figure 4 miRNAs from list A and their predicted targets (miRanda
Table 2 Expression correlation of the molecules ¢ : v5). Down-regulated: green coloured; Up-regulated: red coloured.
found more than once across the datasets (list A). i : Table 3 Association to KEGG pathway metabolic maps of the metabolites
Down-regulated: green coloured; Up-regulated: : and gens/proteins form both list A&B.
red coloured. Pathway Total | Expected | Hits | P.Value
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s : Figure 5 miRNAs and genes/proteins from list A&B and their predicted positive | measured z p-value
: @ targets (miRanda v5). Down-regulated: green coloured; Up-regulated: Pathway : () (n) total |Score| (permuted)
AL " Complement and Coagulation
red coloured. Cascades 3 6 65 | 2.91 0.001
Bile acid and bile salt metabolism 1 1 229 | 2.71 0.004
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» Multidimensional -omics data can be used to construct models of molecular interaction networks, using both prior and de novo knowledge,
therefore linking genes with disease based on genome-wide association studies, miRNAs and mRNAs targets, protein-DNA interactions,
protein-protein interactions, protein-substrate binding, metabolic pathway interactions and drug-target interactions, where these molecular
entities are represented as nodes and their interactions as edges;
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» As known IgAN encompasses two phases: acute and a chronic, in which complement components (C3, C4, C5) and CFl leads to leukocyte
recruitment that in this way leads to damage to the glomerular cells. On the other side, coagulation factors leads to fibrin deposition and

crescent formation.
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